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As the aging population is growing, new

challenges are arising to provide a safe living True Back- Technl ueS
environment with remote medical monitoring to ground Frame of the Test Video e Ground Truth q '
allow elderly people to stay at home. This paper is Available Varadarajane

concerned with the monitoring of medication
intake, [1]. A new technique is proposed for

EUVIP10-inspired, [2]

background suppression designed to achieve Noise 1 “?“
indoor monitoring for a given video -capture / ;a.j:,‘.'a
device, including low-cost commercially available Noise Detected } “
cameras or webcams with low capturing Disappear- as Foreground 1,-‘ | 2

resolution. The true background image is
supposed to be found in the test video sequence,
as it is thought to be possible in this application.
The background suppression process can be
thought of as a quality measure with reference;
the reference being the background image.
Instead of taking into account findings on human
visual system (HVS), the proposed technique is
actually based on measurements of noise output
from video capture device.
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N Quality Measure 1 —— PSNR Foreground Detection
VDP Foreground Detection, [5]
—  SSIM Foreground Detection, [6]
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